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Quantizing latent representations severely limits a model's channel capacity by construction (cf. regularization),

forcing autoencoders and InfoGANs to represent high-dimensional data in a more disentangled manner.

Nonlinear ICA Problem

Given unlabelled data generated noiselessly from independent sources,

learn latents that recover the sources up to allowable indeterminacies. 

permutations, dimensionwise invertible functions

InfoMEC: Information-Theoretic Metrics for Disentanglement

InfoModularity: average max/sum in columns of  

InfoCompactness: average max/sum in rows of 

InfoExplicitness: average              ,           linear models

Prior Works Disentangle through Regularization

-VAE:  minimize

-TCVAE:  minimize
(latent multiinformation)

BioAE:  minimize              latent negativitity & latent energy

Visualizations (Isaac3D)
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Can you interpret what source(s) each latent dimension encodes?

Answers: Next-best method:

QLAE


